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Abstract

Do positive beliefs improve outcomes? This paper asks whether students’ expectations

about their performance have effects on their actual performance. I draw on research about

optimism to argue that good expectations, even if they are eventually unmet, may nev-

ertheless contribute to better educational performance. To test whether this is the case,

I exploit new panel data on Australian undergraduates and ask the question in several

different ways, which together help pin down the relative contributions towards perfor-

mance of expectations directly, of additional private information for which expectations

may proxy, and of conscious academic effort that is higher when expectations are higher

and that itself directly impacts on performance. I find that even controlling for a wide

array of covariates and applying a variety of empirical techniques, expectations matter,

both directly and indirectly through their positive association with overall academic effort.

Virtually none of the direct effect of expectations is explained by course or student-level

fixed effects. Results indicate that approximately 85% of the direct impact of expectations

on outcomes flows from course-by-time-by-student effects (such as course-specific effort by

the student, and private information at the student-course and student-semester level).

Comparing two students with identical observable characteristics, and fixing overall effort

level, the student who has performance expectations one standard deviation higher than

the other in a given semester will on average perform about 20% of a standard deviation

better.

∗I thank the Australian Research Council for support under Discovery grants DP0878138 and DP0987840,

the University of South Australia, and the University of Technology Sydney. Special thanks are due to Peter

Antony and Graeme Poole for extracting the data used in this paper.
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1 Introduction

People who are optimistic are consistently found to achieve better outcomes in life. Pessimism

is associated with a variety of psychological and psychiatric disorders, including major de-

pression, as well as general physical malaise (Scheier & Carver 1985, Scheier & Carver 1992);

physical recovery from medical procedures is also worse for people with poor outlooks (Engel,

Hamilton, Potter & Zautra 2004, Davidge, Bell, Ferguson, Turcotte, Wunder & Davis 2009,

Hochhausen, Altmaier, McQuellon, Davies, Papadopolous, Carter & Henslee-Downey 2007);

and optimists live longer (Giltay, Geleijnse, Zitman, Hoekstra & Schouten 2004). While much

of the existing evidence for the link between expectations and outcomes comes from psychol-

ogy and health research, there is reason to believe that economic outcomes too are associated

with beliefs about the future.

Naturally, some of this association may be because people with legitimately better prog-

noses, or better objective chances of success in life, have better expectations which are founded

in reality. However, as strongly implied in much existing literature, part of the reason for the

association between optimism and good outcomes may be people’s capacity to fulfill their own

prophecies. This may happen through multiple conscious and/or unconscious processes, some

of which may not be directly observable or accessible to the conscious mind of the person in

question and therefore may be difficult or impossible for the researcher to observe. Poten-

tially observable prophesy-fulfillment processes may take place through conscious increases

in effort, whereas hidden influences may include, for example, improvements to the immune

system, cardiovascular function, sleep quality, digestion, and general mood.

The notion that expectations affect reality directly has also been incorporated into behav-

ioral economists’ view of human nature. Several recent papers (Brunnermeier & Parker 2004,

Senik 2008, Frijters, Liu & Meng 2008) have suggested that people derive pleasure directly

from good expectations about the future. This pleasure, while an end in itself, may also be

correlated with other positive aspects of the person’s approach to achievement goals, resulting

in better material outcomes. This is the argument of psychologists and others who believe in

causal effects of positive thinking: when people have more favorable affect, or emotional state,

their good cheer can have powerful spillovers onto other aspects of their lives.

In this paper, I attempt to measure the impact on an economically-relevant outcome (uni-
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versity grades) of positive expectations. I ask whether students’ positive predictions about

their own educational performance predict their actual performance. Results suggest a strong

impact of expectations on outcomes. While effort does increase with increases in belief, the

direct effect of expectations on outcomes remains. However, rather than finding that expecta-

tion formation is specific to the student—a hypothesis proferred by the dispositional optimism

literature—i find that controlling for fixed characteristics of students and courses, the effects of

expectations are entirely transient. About 60% of the conditional direct effect of expectations

on outcomes is due to aspects of the match between the student and the course in a given

time period, and about 40% of the association is due to semester-specific shocks to individual

students.

2 Data

This paper exploits a new panel data set on Australian students enrolled in undergraduate pro-

grams within the business faculties of two universities in the Australian Technology Network:

the University of South Australia, in Adelaide, and the University of Technology Sydney. Ad-

ministrative data are available at the student-tutorial level for the universe of students enrolled

and taking courses in these programs at any point during the autumn and spring semesters of

2008 and 2009. Information from the enrolment systems of each institution was merged with

data from students’ applications to university, resulting in an administrative data set that

includes demographics (such as age, international student and non-English-speaking status,

country of birth, and gender) as well as detailed information about which courses and tutorials

each student was enrolled in during each covered semester, and what grades were achieved in

each. These administrative data were supplemented with periodic surveys of the same under-

graduate population over the same time period that included, amongst other items, self-rated

ability overall and with respect to mathematical and verbal skills; two items capturing self-

rated effort (overall and in tutorials); and questions about expected grades (0 to 100) in each

course that was currently being undertaken by the student.1 Five sets of survey data were

collected, each in an two-to-three week interval falling roughly in the middle of an academic

1Some items and item sets were repeated across all surveys, and others appeared in only a subset of surveys.

Details are available in the Appendix.
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semester in 2008 or 2009. Survey responses were then merged back to the administrative data,

resulting in a final analysis data set that provides actual and expected grades for all courses in

a semester for that subset of students in the administrative data who responded to the survey

in that semester with useable answers. Approximately 67% of the full student-tutorial level

sample used in this paper is generated from students who responded to only one survey, and

the balance is from students who responded to two (25%), three (6%), or four (1%) surveys.

Summary statistics on several variables are presented in Table 1. The first three columns

show statistics for the full sample, using all useable data on each variable, and the second three

columns show the same statistics calculated across all observations with nonmissing data on

all variables ever used in this paper (that is, the most restricted analysis sample constructed).

Statistics are very similar across these two samples, and expected marks exceed actual marks

on average.

Importantly, information about expectations was elicited roughly midway through the

semester. This timing was intended to capture a point in time when some private information

would be available to the student, on the basis of which he could form beliefs and/or take

action, yet not so close to the end of the semester that there was no chance of changing the

outcome through his own effort.

Further information about the surveys and the questions used is provided in the Appendix.

Table 1: Summary statistics

Full Sample Most Restricted Sample

Mean Std Dev N Mean Std Dev N

Average mark 65.48 (13.10) 4715 65.77 (12.92) 1753

Average expected mark 71.89 (9.62) 4715 71.75 (9.49) 1753

Self-assessed verbal ability 9.34 (2.04) 2926 9.61 (1.79) 1753

Self-assessed math ability 7.64 (2.36) 2925 7.83 (2.40) 1753

Self-assessed relative ability 2.21 (0.60) 4708 2.29 (0.61) 1753

Self-assessed relative effort 2.03 (0.71) 4706 2.02 (0.74) 1753

‘I work hard in tutorials’ 7.55 (2.26) 3216 7.54 (2.22) 1753

Female 0.63 (–) 4709 0.61 (–) 1753

Age 21.95 (4.59) 4709 22.11 (4.17) 1753

Note: Statistics are calculated across student-tutorial level observations.
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3 Theoretical framework and methodology

The underlying educational production function is assumed to take as inputs student abil-

ity; learning context; effort; and beliefs. The output of this function is assumed to be the

percentage (1 to 100) actually earned in the course.

In line with this framework, the baseline empirical specification used is therefore as follows:

percentijk = αi + δj + γk + efforti + beliefi/j + ϵijk (1)

where the i subscript indexes individual students, the j subscript indexes courses (thought

of as specific to a particular semester), and the k subscript indexes tutorials (sections of

courses). The dependent variable, percentijk, is the student’s final percentage in the course.

The vector αi contains all available fixed observable characteristics about student i, including

demographics and well as ability, measured objectively (e.g., average mark from the previous

semester) and/or subjectively (e.g., self-rated ability). In some specifications, αi will be a

student fixed effect. The vector δj contains course-specific variables that are intended to

capture fixed differences in grading conventions across different courses or types of courses

(depending on the specification).2 The vector γk includes aspects of the tutorial environment,

including the size of the tutorial, the day of week it is held, and the average prior-semester

GPA of peers in the tutorial as a proxy for peer ability. The effort level of student i, which is

specific to the semester of survey response, is taken from his response to two survey questions

about overall self-rated relative effort and effort in tutorials. (Importantly, effort specific to

the course whose grade is being predicted is not observed directly.3) Finally, the student’s

beliefs about the grades he will earn in each course are also taken from survey responses. In

the baseline specification, these beliefs pertain to the grade he thinks he will obtain at the

end of the semester in course j.

When people believe that a given level of achievement is possible, they exert effort to

accomplish that achievement. Conversely, without the belief that it is feasible to reach a goal,

2In specifications that do not include course fixed effects, the discipline group of the course is captured using

8 groupings: Banking, Business, Economics, Law, Marketing, Mathematics, Management, and Other.
3The supplemental survey question regarding whether the respondent works hard in tutorials does pertain

to the particular course in question. However, the low sample size of the supplemental survey is insufficient for

it to be used on its own, and so answers are pooled with those of respondents to the other four surveys.
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there is no reason to try to attain it.4 For this reason, I expect and find a significant positive

correlation between beliefs and effort levels. As an empirical side-bar in the present paper, I

therefore also estimate the direct effect of beliefs on effort.

Several rounds of estimation are then employed to predict marks, as follows:

1. Baseline specification. The above specification is run using as the dependent variable

the actual grades earned in each course for which expected grades were elicited, for all

students who responded to the surveys with useable answers. This specification thus

includes multiple observations per student (one per course for which expected grades

were elicited). Overall effort and effort in tutorials are available as controls, but course-

specific effort may be partly captured by course-specific beliefs.

2. Course-specific effort. Because both expected grades and actual grades may be cor-

related with conscious course-specific effort levels not captured by the overall effort vari-

ables, this next specification excludes the grade expectations pertaining to the course

grade used as the dependent variable. Instead, the measure of student belief is the av-

erage expected grade in all other courses. All other variables, including effort measures,

remain unchanged. This specification then yields an lower-bound estimate of the con-

tribution of beliefs towards course grade from which conscious effort, overall and with

respect to the particular course, has been partialled out.

3. Semester-specific shocks. Both expected grades and actual grades may be higher in

semesters when the student receives positive shocks. To isolate and remove this source

of influence, this specification predicts grades in courses taken in the ensuing semester

based on average expected grade in the semester of the survey. This specification also

includes all student-specific controls (including effort measures).

4. Real person-specific and course-specific differences. Because multiple observa-

tions on expected grades are available for students who respond to a survey, and because

4As stated in (Scheier & Carver 1992) (page 202), ‘...people who see desired outcomes as attainable continue

to strive toward those outcomes, even when progress becomes difficult or slow. Alternatively, if outcomes seem

sufficiently unattainable (regardless of the reason for the difficulty), people withdraw their effort and disengage

themselves from the goals that they have set—even if the consequences of such disengagement are at times

severe.’
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a small subset of students respond to multiple surveys during the observation window

(thus further increasing the number of observations per person on expected grades), it is

possible to estimate a specification that predicts actual grade based on expected grade

controlling for student-specific fixed effects. This estimation strategy addresses the pos-

sibility that both actual grades and grade expectations may be correlated with something

fixed and idiosyncratic about students, although grade expectations may still be captur-

ing both ephemeral effort differences and pure effects of beliefs. Finally, course-specific

fixed effects are also added to control for any economically relevant part of expectations

that derive from differences across courses in grading standards.

There are various reasons why expectations may be associated with outcomes. First, they

may be a proxy for dispositional optimism, or in some other way a fixed attribute of students

(such as would result if more able students or those who had performed better in the past

were, understandably, more optimistic). Expectations may instead be specific to a particular

context, which in the present application could be a course or a discipline area that is known

for harsh or weak performance standards, and may pick up simply the student’s knowledge

of these standards (which are accessible to econometric techniques). Following the idea of

observable prophesy fulfilment, positive expectations may instead drive effort levels up, such

that their association with outcomes is only indirect as it is moderated by the student’s effort

response. Expectations may alternatively be based on information that is transient, varying

within student and/or context in ways that cannot be observed by the researcher. These

various alternatives will guide the interpretations of the empirical results presented in Section

4.

4 Results

4.1 Do beliefs influence effort?

Before proceeding to the main results, I first estimate the contribution of beliefs about their

likely grades in predicting individuals’ effort exerted towards achieving those grades. In Table

2, results are shown using the full sample with nonmissing information where sets of control

variables are added successively to equations predicting two measures of effort. The first
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measure, predicted in Panel A using a simple linear regression, is 1-to-11 coded agreement of

the respondent with the statement, ‘I work hard in tutorials.’ The second measure, predicted

in Panel B using an ordered logistic regression, is 1-to-3 coded self-reported relative effort.

Panel B displays the marginal effects of each variable on the latent probability of rating

oneself at the topmost effort category. For both measures of effort, larger values indicate

higher effort. Because there is only one measure of effort in each semester, expected marks

(the key independent variable in these equations) are measured as the average of the student’s

expectations for all courses for which he reported marks expectations that semester.

The results in Table 2 imply a strong and robust connection between beliefs and effort,

even controlling for a host of covariates, including own ability measured both subjectively and

objectively. The association of beliefs with effort is also of significant magnitude. Working

from the results shown in Column 3 of Panel A, a one-standard-deviation increase in beliefs

(corresponding to 9.6 graded percentage points) is associated with an increase in effort of

approximately 25% of a standard deviation. Using the results in Panel B, the same one-

standard-deviation increase in beliefs is associated with about a 10% increase in the likelihood

of a person rating him or herself as harder working than other students, where the other op-

tions are less hardworking or about the same. Notably, these effects are still present with the

addition of controls for student demographics and observable ability, indicating that expecta-

tions and effort are linked, even for those whose objective chances of a good result, based on

observable characteristics, may be quite low.

Because the effort measure used in Panel B of Table 2 is available for a smaller sample

than the self-assessed relative effort measure—which is available for all surveys—it is this

latter measure that is used henceforth to capture effort. Results regarding the impact of

expectations on outcomes are unchanged if the alternative measure is used.

4.2 Returns to belief

I now turn to the main equations predicting actual marks on the basis of expected marks.

Table 3 shows the first main results, where course marks are predicted using expected grades in

the given courses. Table 4 then applies a series of specifications following the methodological

outline provided in Section 3.

In the baseline specifications shown in Table 3, I find that even controlling for a wide
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array of covariates, expectations matter. Comparing two students with identical observable

characteristics, and working from the results in Column 4, the one who has performance

expectations one standard deviation higher than the other will on average perform almost

25% of a standard deviation better.

In Column 5, expectations are excluded from the equation, and we see a large drop in

variance explained, as well as about a 40% increase in the estimated contribution of effort

towards grades. The estimated contribution of ability in explaining grades also increases,

by over 80%. Students with higher ability clearly have higher expectations and exert more

effort. One interpretation of the pattern in estimates is that students take account of their

own ability levels when forming expectations, and also set their effort levels in line with their

expectations, yet there is additional grade-relevant information in expectations that is not

captured by either overall ability or effort measures. The estimated impact of expectations

on grades still remains at roughly the same magnitude through the final column of Table 3,

where the largest array of covariates is included.

In Table 4, Columns 1 and 2 show the results of estimating the equation in which course-

specific grade expectations are not used in predicting grades. Only expected grades in other

courses that semester are used to measure expectations. These results continue to indicate a

positive and statistically significant impact of grade expectations in other courses on grade in

the course. The effect estimate when controls are included, in Column 2, is about 40% the

size of the estimates shown in Table 3. Taken at face value, this indicates that about 60% of

the impact of expectations on grades is specific to the particular course, and 40% is related

to something about the student in that semester.

Columns 3 and 4 of Table 4 show the results from estimating an equation in which the

ensuing semester’s grades are predicted based on the expectations and actual grades from the

surveyed semester. These results indicate that grade expectations from the previous semester

are no longer important in predicting outcomes in a given semester. Again, this implies a

strong degree of time-specificity in expectations’ importance to outcomes, and foreshadows

that fixed effects regressions will not absorb the effects of expectations because their impact

on grades appears to be transient.

In Column 7, semester-by-course fixed effects are added to try to capture any residual ele-

ments of expectations that are flowing from overall course effects. However, this specification
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shows virtually no change in the estimated effect of expectations on marks. In Column 8, a full

complement of student-level and course-level fixed effects are controlled, and as expected, ex-

pectations are still estimated to be very important to grades: about 85% of the baseline effect

estimated in Table 3 remains, even after controlling for all of these fixed effects. This strongly

supports the conclusion that it is not mainly dispositional optimism that is responsible for the

association between performance expectations and actual performance.5

4.3 Discussion

Taken together, the results above indicate that expectations matter to grades, and that most

of the economically important variance in students’ proclivities to form higher or lower expec-

tations is not related to fixed characteristics of individuals, but rather relates to factors specific

to time and courses within individuals. Second, about 60% of the impact of expectations on

outcomes in this context can be explained by aspects specific to the match between student

and course. For example, a particular student may find that a particular course is hard or

easy for him, and so he estimates his chances of performing well are enhanced. This belief

may also lead to an increase in his course-specific effort, which in turn raises marks. The

remaining 40% of the impact of expectations on marks comes from phenomena that cut across

multiple courses in a given semester for a particular student. These may be semester-specific

shocks to belief, such as having positive things happen in one’s personal life, which spill over

and impact on both expectations and performance in all courses.

Finally, I find strong evidence that beliefs and effort levels are correlated, but the vast

majority of the impact of expectations on performance remains even after partialling out the

direct effects of effort. The estimated impact of effort adjusts substantially when expectations

are explicitly included in the model, indicating that expectations are a primary factor driving

the association between effort and performance.

In summary, educational returns to beliefs are present, economically significant, and pre-

dominantly ephemeral. Although they are associated with observable characteristics, beliefs’

effect on educational outcomes is mainly due neither to person-specific nor to course-specific

information. Instead, the effect appears to be in response to private course-by-person match

5In a regression predicting expected marks based on course-, student-, and semester fixed effects, about 45%

of the variation is explained.
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information and private information about the person in a particular time period, which could

include both unfounded (but self-fulfilled) and well-founded ephemeral beliefs.

A Data appendix: Surveys

In this paper I use data drawn from five surveys of Australian undergraduates. The population

from which our survey data are drawn is the universe of students enrolled internally in 2008 or

2009 in undergraduate programs in the business faculties of two Australian universities: the

University of South Australia (UniSA) in Adelaide, and the University of Technology Sydney

(UTS). Four online surveys were administered: the first occurred in April to May of 2008;

the second in September to October 2008; the third in April to May 2009; and the fourth in

September to October 2009. The fifth survey, referred to as the ‘supplemental survey’, was

conducted in paper-and-pencil format in late August 2008. These dates correspond roughly

to the middle of the first and second academic semesters in 2008 and 2009. Due to ethics

protocols, I could not offer a particularly strong incentive for students to complete the surveys:

respondents’ names were included in a random draw for $200 (for the first online survey) and

$500 (for subsequent online surveys). The response rates for the online survey are between

5 and 10 percent of the surveyed population of approximately 10,000 students at the two

institutions combined.

The paper-and-pencil survey was implemented in the week 6 lectures of seven business-

division courses at the University of South Australia in semester 2 of 2008, and hence captured

effort information specific to the particular tutorial being examined. Of students who attended

class, very few refused the survey.

The questions used in this paper to measure self-assessed effort levels and ability were as

follows; the survey number (S1, S2, S3, or S4) and/or ‘Supp’ is written after each question

when it appeared in that survey.

Student responses to the following questions, while on a 1-to-4 raw scale, were recoded to

a 1-to-3 scale due to shallow numbers of ‘4’ responses. On the recoded scale, step 1 is ‘not as

. . . ’, step 2 ‘about as . . . ’, and step 3 ‘more’ or ‘much more . . . ’.

Q5: “Overall, with respect to academic work, would you rate yourself as . . . (choose one)

[S1, S2, S3, S4, Supp]
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• Not as capable as other [UTS/UniSA] students

• About as capable as other [UTS/UniSA] students

• More capable than other [UTS/UniSA] students

• Much more capable than other [UTS/UniSA] students

Q6: “Overall, with respect to academic work, would you rate yourself as . . . (choose one)

[S1, S2, S3, S4, Supp]

• Not as hardworking as other [UTS/UniSA] students

• About as hardworking as other [UTS/UniSA] students

• More hardworking than other [UTS/UniSA] students

• Much more hardworking than other [UTS/UniSA] students

The following questions were answered on an agree-disagree scale of 1 to 11.

Q7: “I work hard in tutorials. [S2, S3, S4, Supp]

Q7: “My overall fluency in English—speaking, writing, reading, and understanding—is

excellent. [S2, S3, S4]

Q7: “My overall fluency with mathematics, statistics, and numbers generally—interpretations,

manipulations, and illustrations of them—is excellent. [S2, S3, S4]

Finally, in every survey, students were asked about their likely academic outcome in each

course in which they were enrolled that semester, using the following survey item:

Q7: “Please list the courses you are enroled in at UniSA/UTS and the final course marks

(percentages out of 100) that you expect in each. PLEASE SEPARATE COURSES WITH

SEMICOLONS—For example: Business Statistics 80; Microeconomics 70; Financial Ac-

counting 75.

Figure 1 shows a scatterplot of actual versus expected marks using all available data, where

each dot is a student-tutorial combination. Figure 2 shows the same information in overlaid

histograms.
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Table 2: Predicting own effort

Panel A: Dep. Var.: I work hard in tutorials (1 to 11) (1) (2) (3) (4)
Average expected mark .07*** .06*** .06*** .04***

(.00) (.01) (.01) (.01)
Own ability step 2 - .49*** .49*** .17***

(.14) (.14) (.19)
Own ability step 3 - .59*** .60*** .07

(.15) (.15) (.21)
Female - .21*** .21*** .21**

(.08) (.08) (.10)
Age - .10*** .10*** .11***

(.01) (.01) (.01)
New student - .32*** .26*** .86**

(.09) (.10) (.42)
Verbal ability - - - .04

(.03)
Math ability - - - .56***

(.07)
Prior GPA - - - .01

(.00)
N 3216 3205 3156 1909
Adj R2 .0805 .1265 .1294 .1369

Panel B: Dep. Var.: Self-reported relative effort (1 to 3) (1) (2) (3) (4)
Average expected mark .01*** .01*** .01*** .01***

(.00) (.00) (.00) (.00)
Own ability step 2 - .07*** .06*** .03

(.02) (.02) (.03)
Own ability step 3 - .22*** .21*** .17***

(.02) (.02) (.03)
Female - .11*** .11*** .06***

(.01) (.01) (.02)
Age - .01*** .01*** .01***

(.00) (.00) (.00)
New student - .04*** .03** .19**

(.01) (.01) (.07)
Verbal ability - - - .00

(.01)
Math ability - - - -.01***

(.00)
Prior GPA - - - .01***

(.00)
N 4706 4696 4628 1911

Notes: Panel A reports coefficients from a simple linear regression; Panel B reports marginal effects based
on ordered logit MLE estimation on the latent probability of a self-reported relative effort of ‘3’ on the
1-to-3 scale. ‘Own ability step 2’ is a dummy set to 1 if the respondent self-reported as being ‘about as
smart/capable’ as other students, and 0 otherwise; ‘Own ability step 3’ is a dummy set to 1 if the respondent
self-reported as being ‘more’ or ‘much more’ smart/capable than others, and 0 otherwise. Own prior GPA is
average own grade from the prior semester; verbal ability and math ability are self-assessed, using the survey
questions shown in the Appendix. All columns control for semester and institution; additional controls added
in Column 3 of each panel are dummies for international student status, non-English speaking in the home,
and whether born in Australia; size of tutorial; number of courses taken that semester by the student that
have valid end-of-semester marks information; and dummies for the day of week of tutorial classes and
the discipline group of the course using 8 groupings. In Column 4 of each panel, own average mark from
the previous semester and tutorial peers’ average mark are added as additional controls. One/two/three
asterisks denote significance at the 10%/5%/1% level.
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Table 3: Predicting marks

Dep. Var.: Final course mark (1 to 100) (1) (2) (3) (4) (5) (6)

Average expected mark .41*** .36*** .35*** .33*** - .36***

(.02) (.02) (.02) (.02) (.03)

Own ability step 2 - .75 .44 -.12 1.65** -1.29

(.63) (.63) (.64) (.65) (.98)

Own ability step 3 - 5.09*** 4.22*** 3.38*** 6.27*** .94

(.69) (.70) (.71) (.71) (1.09)

Own effort step 2 - - 1.63*** 1.60*** 2.35*** 1.49**

(.45) (.45) (.46) (.62)

Own effort step 3 - - 3.57*** 3.66*** 4.97*** 1.93**

(.53) (.53) (.54) (.74)

Female - 3.36*** 2.99*** 2.88*** 2.87*** 2.42***

(.37) (.38) (.38) (.39) (.53)

Age - -.01 -.04 .03 .07* -.15**

(.04) (.04) (.04) (.04) (.06)

New student - .38 .23 .43 .89** -1.70

(.42) (.42) (.43) (.44) (2.22)

Verbal ability - - - - - -.40

(.18)

Math ability - - - - - -.08

(.11)

Prior GPA - - - - - .41***

(.03)

N 4715 4702 4696 4628 4628 1911

Adj R2 .1039 .1362 .1441 .1732 .1199 .3170

Notes: ‘Own ability step 2’ is a dummy set to 1 if the respondent self-reported as being ‘about as

smart/capable’ as other students, and 0 otherwise; ‘Own ability step 3’ is a dummy set to 1 if the respondent

self-reported as being ‘more’ or ‘much more’ smart/capable than others, and 0 otherwise. A similar scale

is used for the own effort measures. Own prior GPA is average own grade from the prior semester; verbal

ability and math ability are self-assessed, using the survey questions shown in the Appendix. All columns

control for semester and institution; additional controls added in Column 4 onwards are dummies for inter-

national student status, non-English speaking in the home, and whether born in Australia; size of tutorial;

number of courses taken that semester by the student that have valid end-of-semester marks information;

and dummies for the day of week of tutorial classes and the discipline group of the course using 8 groupings.

In Column 6, own average mark from the previous semester and tutorial peers’ average mark are added as

additional controls. One/two/three asterisks denote significance at the 10%/5%/1% level.
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Table 4: Further predictions of marks

(1) (2) (3) (4) (5) (6) (7) (8)

Expected mark - - -.00 -.05* .35*** .30*** .32*** .28***

in this course (.03) (.03) (.02) (.03) (.02) (.02)

Average expected mark .25*** .13*** - - - - - -

in other current courses (.02) (.03)

Average mark - - .78*** .74*** - - - -

this semester (.02) (.02)

Own ability step 2 - .80 - 2.77*** - - .18 -

(.70) (.73) (.63)

Own ability step 3 - 5.12*** - 4.18*** - - 3.88*** -

(.78) (.84) (.70)

Own effort step 2 - 2.27*** - 1.19** - - 1.76** -

(.48) (.55) (.45)

Own effort step 3 - 4.46*** - 1.92*** - - 4.00*** -

(.57) (.64) (.53)

Female - 2.59*** - .68 - - 2.86 -

(.41) (.45) (.38)

Age - .02 - 1.04 - - .06 -

(.05) (.05) (.04)

New student - .74 - -1.05** - - -.24 -

(.46) (.48) (.53)

N 4214 4133 2619 2582 4651 1540 4692 4651

Adj R2 .0335 .1257 .3558 .3676 .5406 .5303 .2268 .5938

Notes: Columns 1, 2, 5, 6, 7, and 8 use grade in the course as the dependent variable; Columns 3 and 4 use

average grade next semester as the dependent variable. Columns 5 and 6 include fixed effects at the student

level, and also include tutorial size, day of week dummies, and discipline group dummies. Column 6 includes

only students who responded to at least two surveys. Column 7 includes course-by-semester fixed effects,

and Column 8 includes both student and time-invariant course fixed effects. Additional controls included

in Columns 2 and 4 are exactly those included in Column 4 of Table 3. Independent variables in the first

three rows are defined as described in the text; all additional independent variables are defined as shown in

the footnotes of previous tables. One/two/three asterisks denote significance at the 10%/5%/1% level.
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