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Abstract 
Many cross-national studies have shown that both inequality and corruption 

are harmful for economic development. Also, there is empirical evidence that 
inequality increases corruption and that corruption reinforces inequality. Taken 
together, these findings suggest a vicious cycle of high inequality, high corruption 
and low economic growth as well as a virtuous cycle of low inequality, low 
corruption and high economic growth. However, there has been no study to directly 
test this vicious-and-virtuous-cycles hypothesis. 

We test this hypothesis in two steps. First, we examine whether inequality in 
the 1960s influenced corruption (or institutional quality) in the 1980s and later and 
whether corruption in the 1980s explains economic growth between 1980 and 2010. 
We further test the mediation effect of corruption in explaining the impact of 
inequality on growth using structural equation modelling. Using a variety of 
measures for inequality and corruption, we find strong cross-national longitudinal 
evidence to support this vicious-and-virtuous-cycles hypothesis.  

We illustrate how land inequality has impacted subsequent levels of 
corruption and institutional quality and thereby subsequent economic development 
in East Asia. We also show how some countries broke the vicious cycle and moved 
into a virtuous cycle, focusing on the role of land reform in East Asian development.  
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Many cross-national studies have shown that both economic inequality and 

corruption are harmful for economic development. In addition, some empirical studies 

indicate that inequality increases corruption (lowers institutional quality) and that 

corruption reinforces economic inequality. Taken together, these findings suggest a 

vicious cycle of high economic inequality, high corruption (low institutional quality) 

and low economic growth as well as a virtuous cycle of low inequality, low 

corruption (high institutional quality) and high economic growth. However, there has 

been no study to directly test this vicious-and-virtuous-cycles hypothesis. This paper 

attempts to systematically test this hypothesis, or a two-step causal chain of “high 

economic inequality→ high corruption (low institutional quality) → low economic 

growth” using cross-country longitudinal data.  

Previous empirical studies have found evidence for causal relationship from high 

economic inequality to low economic growth (Alesina and Rodrik 1994; Persson and 

Tabellini 1994; Clarke 1995; Perotti 1996; Birdsall and Londono 1997; Deininger and 

Squire 1998; Deininger and Olinto 2000; Knowles 2005; World Bank 2005; Easterly 

2007; Cingano 2014; Ostry, Berg and Tsangarides 2014), from high corruption to 

lower economic growth (Mauro 1995; Keefer and Knack 1997; Wei 2000; Mo 2001; 

Kaufmann and Kraay 2002; Halkos and Tzeremes 2010; Johnson, LaFountain and 

Yamarik 2011; Bentzen 2012), and from high inequality to high corruption (You and 

Khagram 2005; Easterly 2007; Uslaner 2008; You 2015, chapter 8).  

However, there has been no systematic empirical study to test the two-step causal 

chain of “high (low) economic inequality→ high (low) corruption → low (high) 

economic growth” or the mediation effect of corruption (or institutional quality) in 

explaining the impact of inequality on growth. Moreover, some empirical studies on 

the effect of inequality on growth have found no significant effect, or nonlinear, or 

even positive effect (Li and Zou 1998; Barro 2000; Forbes 2000; Castello and 

Domenech 2002; Banerjee and Duflo 2003; Voitchovsky 2005; Castello 2010; Halter, 

Oechslin and Zweimuller 2014). Also, there is no perfect consensus among scholars 

about the causal directions “between corruption and economic development” and 

“between economic inequality and corruption.” Hence, an empirical test of this two-

step causal path or the mediation effect of corruption (or institutional quality) will be 

an important contribution to the existing literature. 

Using a variety of measures for inequality, corruption and institutional quality, I 

find strong cross-national longitudinal evidence to support this vicious-and-virtuous-
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cycles hypothesis. Both income inequality and land inequality in the 1960s had 

significant effect on corruption and institutional quality in the 1980s, which in turn 

had significant effect on subsequent economic growth. 

In addition, this paper will illustrate how land inequality has impacted subsequent 

levels of corruption and institutional quality and thereby subsequent economic 

development in East Asia, based on a comparative historical study of South Korea, 

Taiwan and the Philippines by You (2015). In particular, we will show not just how 

the vicious and virtuous cycles have worked but also how some countries were able to 

cut the vicious cycle and move into a virtuous cycle, focusing on the role of land 

reform.  

The rest of the paper is organized as follows. Section 1 reviews the quantitative 

literature on causal relationship between inequality and growth, corruption and 

growth, and inequality and corruption. Section 2 introduces the data for cross-national 

longitudinal analysis. Section 3 presents the results of various quantitative data 

analyses. Section 4 discusses how land inequality affected corruption and thereby 

subsequent economic growth across three East Asian countries. The concluding 

section summarizes the key findings and discusses policy implications of this study. 

 

1. Review of Previous Quantitative Studies on the Relationships between 

Inequality, Corruption and Growth 

 

1) Inequality and Growth 

Starting with the seminal studies by Alesina and Rodrik (1994) and Persson and 

Tabellini (1994), many cross-national studies, often using instrumental variables 

regressions, and some cross-national time-series analyses have found evidence for 

causal relationship from high economic inequality to low economic growth (Clarke 

1995; Perotti 1996; Birdsall and Londono 1997; Deininger and Squire 1998; 

Deininger and Olinto 2000; Knowles 2005; World Bank 2005; Easterly 2007; 

Cingano 2014; Ostry, Berg and Tsangarides 2014). However, robustness of these 

findings is still debated. Some empirical studies on the effect of inequality on growth 

produced contradictory results: they found positive effect of inequality on growth, 

using panel data (Li and Zou 1998; Forbes 2000). Others have found the effect of 

inequality on growth not that simple: several studies have found the inequality effect 

negative for poor countries but positive for rich countries (Barro 2000; Castello 2010; 
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Halter, Oechslin and Zweimuller 2014), and others have found more complicated 

non-linear effect of inequality (Castello and Domenech 2002; Banerjee and Duflo 

2003; Voitchovsky 2005). It is notable, however, that there is increasing consensus, 

albeit not perfect, about the negative effect of inequality on growth, including 

researchers at the World Bank, IMF, and OECD.1 

As measures of inequality, most of the previous studies have used various 

measures of income inequality, but several studies examined the effect of inequality 

in land ownership as well (Alesina and Rodrik 1994; Birdsall and Londono 1997; 

Deininger and Squire 1998; Deininger and Olinto 2000; Easterly 2007). While there 

have been conflicting findings on the effect of income inequality on economic growth, 

they all have found a significantly negative effect of land inequality on growth.2 

Easterly (2007) distinguishes between structural inequality (such as land inequality) 

and market inequality, and suggests that income inequality could be caused by both 

structural inequality or by market forces.3 He argues that only structural inequality is 

unambiguously bad for subsequent development, while market inequality has 

ambiguous effects. 

Previous empirical studies on the negative effect of economic inequality on 

growth have tested several causal chains such as redistributive politics, socio-political 

instability and underinvestment in human capital due to credit market imperfections. 

In particular, many studies have found that inequality negatively affects investment in 

human capital, which in turn causes lower growth. They have not considered 

corruption as a causal mechanism, except for Easterly (2007). Although Easterly 

(2007) suggested that inequality negatively affects both human capital accumulation 

and institutional quality, and thereby negatively affecting economic development, his 

empirical test is not sufficient to support his claim. He shows that income inequality 

(average gini for 1960-1998) had negative effect on institutional quality in 2002 

(Kaufmann et al.’s six governance indicators, including “control of corruption”), 
                                                        
1 The World Development Report 2006 (World Bank 2005) was entitled Equity and 
Development, emphasizing the instrumental role of equity in the pursuit of long-term 
prosperity for society. Recently, researchers at IMF (Ostry, Berg and Tsangarides 2014) and 
OECD (Cingano 2014) joined in warning the negative impact of inequality on growth. 
2 Some studies have examined the effect of inequality in human capital on growth (Birdsall 
and Londono 1997; Castello and Domenech 2002; Castello 2010), and they all have found a 
significant negative effect. 
3 For example, Easterly (2007) suggests, the recent rise in inequality in China is clearly 
market-based, while high inequality in Brazil or South Africa is just as clearly structural. 
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secondary enrollment rate in 1998-2002, and per capita income in 2002. He has not 

directly tested the causal mechanisms, and hence it requires additional study to 

establish the causal chain from inequality to institutional quality (including corruption) 

to development.  

 

2) Corruption and Growth 

Before cross-national measures of corruption became publically available, many 

scholars, including Samuel Huntington (1968) and Nathaniel Leff (1964), argued for 

functionality of corruption with regard to economic growth. They argued that 

corruption would facilitate economic growth by enabling firms to avoid cumbersome 

regulations and bureaucratic delays, especially in developing countries. However, 

functional arguments in favor of corruption were largely dismissed as quantitative 

cross-national studies found mounting evidence for negative effect of corruption on 

economic development.  

Since Paolo Mauro’s (1995) cross-national study found negative effect of 

corruption on economic growth, many studies have reconfirmed the robustness of this 

finding (Keefer and Knack 1997; Wei 2000; Mo 2001; Kaufmann and Kraay 2002; 

Halkos and Tzeremes 2010; Johnson, LaFountain and Yamarik 2011; Bentzen 2012). 

Corruption has also been found to negatively influence education, health care and 

subjective well-being (Lambsdorrf 2005). Furthermore, corruption has been found to 

adversely affect social trust, or generalized interpersonal trust, which past research 

has shown to have a positive effect on economic development (Zak and Knack 2001; 

You 2012a). However, some studies have failed to find a significant effect of 

corruption on economic growth and raised serious doubt on the robustness of such 

findings (Svensson 2005; Glaeser and Saks 2006; Kurtz and Schrank 2007).  

A number of studies have found that broader institutional quality affects economic 

development (Knack and Keefer 1995; Evans and Rauch 1999). Quality of 

bureaucracy, in particular meritocratic bureaucracy is considered to be a key element 

of institutional quality. Evans and Rauch (1999) find that Weberian bureaucratic 

structures such as  meritocratic recruitment in bureaucracy (ER Meritocratic 1970-

1990) was significantly associated with economic growth (1970-1990) across 35 

developing countries. Case studies of East Asian developmental states have 

emphasized the crucial role of meritocratic and autonomous bureaucracy in promoting 
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industrialization and economic development (Johnson 1987; Amsden 1989; Haggard 

1990; Wade 1990; Evans 1995). 

There is no firm consensus among researchers about the causal direction between 

corruption and development. A number of studies suggest that the level of economic 

development has a strong predictive power for corruption (Ades and Di Tella 1999; 

La Porta et al. 1999; Pellegrini and Gerlagh 2004; Treisman 2007). There may be a 

reciprocal causal relationship under which corruption deters economic development 

and also greater economic development contributes to successful control of corruption. 

Studies of corruption and development have been plagued by endogeneity problems 

in the absence of adequate longitudinal data and convincing instruments. While 

various variables such as ethnolinguistic fractionalization (Mauro 1995; Mocan 2004; 

Neeman, Paserman and Simhon 2004; Dreher and Schneider 2006), legal origin 

(Fredriksson and Svensson 2003; Neeman et al. 2004; Pellegrini and Gerlagh 2004; 

Dreher and Schneider 2006), and predicted trade shares (Shaw, Katsaiti and Jurgilas 

2011) have been used as instruments for corruption, all these variables have been 

found to be too weak to be good instruments (Staiger and Stock 1997; Shaw et al. 

2011) or theoretically unconvincing. 4 

 

3) Inequality and Corruption 

Whereas earlier cross-national studies failed to find a significant effect of 

economic inequality on corruption (Husted 1999; Paldam 2002), recent cross-country 

studies using instrumental variables show that inequality significantly increases 

corruption (You and Khagram 2005; Easterly 2007; Uslaner 2008; You 2015). On the 

other hand, there could be a reverse causality: some studies have found a significant 

effect of corruption on inequality (Dincer and Gunalp 2012; Gupta et al. 2002; Li et al. 

2000; Rothstein 2011). Chong and Gradstein (2007) and Apergis et al. (2010) suggest 

a mutually reinforcing relationship between inequality and institutional quality. Thus, 

it is not entirely clear whether inequality increases corruption, corruption increases 

inequality, or if both have mutual influence on each other.  
                                                        
4 Staiger and Stock (1997) explains the problems weak instruments. Shaw et al. (2011) show 
that both ethnolinguistic fractionalization and legal origin are weak instruments and use 
predicted trade share as an instrument for corruption. However, predicted trade share is very 
likely to be correlated with economic development other than through corruption, because 
trade openness with which predicted trade share is highly correlated must be correlated with 
economic development. 
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Regarding the causal pathways, Uslaner (2008) argues that high inequality causes 

low social trust, which in turn causes high corruption (which in turn leads to high 

inequality).5 You (2014, 2015) argues that inequality increases electoral clientelism, 

bureaucratic patronage, and elite capture of policy process, and thereby political, 

bureaucratic, and corporate corruption. He presents both cross-national evidence and 

comparative historical analysis of three countries - South Korea, Taiwan and the 

Philippines- that shared similar initial conditions at the time of independence. 

However, he does not directly test the negative effect of corruption on development.  

In summary, many quantitative studies have found significant causal effects from 

high inequality to low growth, from high corruption (or low institutional quality) to 

low growth, and from high inequality to high corruption (or low institutional quality). 

However, no previous studies have directly tested the vicious cycle hypothesis of 

“high economic inequality→ high corruption (or low institutional quality)→ low 

economic growth.”  

 

2. Data and Instruments 

Since inequality, corruption, and economic development are all highly correlated 

with one another, it is very difficult to sort out the causal directions and causal effects. 

In order to overcome the problem of endogeneity, some studies have used 

instrumental variable regressions. While instrumental variables are helpful, it is hard 

to know if the instruments employed are truly valid. This study will also employ 

instrumental variables, but more importantly it will use longitudinal data analysis. We 

attempt to test whether inequalities in income and land distribution in the 1960s 

affected the levels of corruption (or institutional quality) in the 1980s and whether 

corruption (or institutional quality) in the 1980s has influenced economic growth 

between 1980 and 2010 across countries.  

The 1960s have been chosen because of data availability. Reasonably reliable 

cross-national measures of inequality of income distribution as well as land 

distribution are available for the period as far back as the 1960s. The earliest available 

cross-national measures of perceived corruption are from the early 1980s.  

                                                        
5  Rothstein (2011) suggests that causal chains run from corruption to social trust to 

redistribution and inequality. You (2012) shows that inequality and corruption erode social 
trust and that there may also be reciprocal causal effect of social trust on inequality and 
corruption. 
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Studies of the causes and consequences of inequality or corruption are always met 

with a difficult issue of data quality (You and Khagram 2005). High quality data on 

income inequality is available for only a small number of rich countries, notably the 

data from the Luxembourg Income Study (LIS). Greater coverage across countries 

and over time has been available only at the cost of large measurement errors. The 

problem of data quality arises from many sources. While most data are based on 

household surveys, a lot of surveys are not representative of the whole population. 

Moreover, survey data are derived from different methodologies such as income vs. 

expenditure, individual vs. household, market income vs. net income. While many 

researchers have tried to overcome these difficulties, Frederick Solt (2014) has 

compiled the most extensive dataset that are comparable across countries and across 

time. His Standardized World Income Inequality Database(SWIID, version 5) 

provides comparable estimates of the Gini index of net- and market-income inequality 

for 174 countries for as many years as possible from 1960 to the present.  

The SWIID incorporates data from the United Nations University’s World Income 

Inequality Database, the OECD Income Distribution Database, the World Top 

Incomes Database, the University of Texas Inequality Project, various regional 

datasets, national statistical offices around the world, and academic studies. It 

employs a custom missing-data algorithm that minimizes reliance on problematic 

assumptions by using as much information as possible from proximate years within 

the same country. The LIS data is employed as the standard. This paper uses estimates 

of the Gini index of net-income inequality from the SWIID (version 5.0). 

In addition to inequality of income, this paper also employs data on inequality of 

land distribution and share of family farms as measures of structural inequality. We 

use the Gini index of land holdings distribution circa 1960, from data provided by 

Deininger and Olinto (2000) and Frankema (2009). We use the average values of the 

land ginis from the two datasets. The data on the share of family farms are from Tatu 

Vanhanen (2003). It denotes the percentage of family farms of the total area of 

agricultural land holdings, and the data covers 170 countries from 1960 to 1995. The 

higher the share of family farms, the more widely economic resources based on 

ownership or control of agricultural land are distributed among the agricultural 

population. Both the gini index of land distribution and the share of family farming 

areas were especially important for countries and periods in which agriculture and 

agricultural population took large portions of the economy and whole population. 
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Since most developing countries were predominantly agricultural societies in the 

1960s, these variables may represent important features of structural inequality of that 

time. It should be acknowledged, however, that there would be large measurement 

errors in the data for these variables.  

Measuring corruption is even more difficult than measuring inequality, because 

most corrupt acts are conducted secretly. Because of difficulty in objectively 

measuring corruption, measures of perceived corruption such as Transparency 

International’s Corruption Perceptions Index (CPI) and Kaufmann, Kraay, and 

Mastruzzi’s (2010) Control of Corruption Indicator (CCI) have been widely used by 

cross-national studies. Both CPI and CCI are composite indexes of perceived 

corruption, aggregated from multiple sources and based on expert assessments or 

surveys of business people and households. The TI has published the CPI data 

annually since 1995, and KKM have published data for CCI and other governance 

indicators since 1996. The TI has also provided data for the earlier periods: 1980-85 

and 1988-92. The historical CPI data for 1980-85 and 1988-92 are especially useful 

for the purpose of this paper, but they should be used with caution as the TI 

acknowledges the poor quality of the historical data. The CPI scores can range 

between zero (most corrupt) and ten (least corrupt), and a higher value 

counterintuitively represents a lower level of corruption. The CCI scores have a mean 

of zero and a standard deviation of one, and a higher value represents a better control 

of corruption, or a lower level of corruption. 

Table 1 shows that the correlation of CPI 1980-85 with CCI 1996 is 0.8429 and 

that with CCI 2012 is 0.8515. The correlation does not decrease. The correlations of 

CPI 1988-92 with CCI 1996 (0.9239) and with CCI 2012 (0.9105) are close to the 

correlation between CPI 1980-85 and CPI 1988-92 (0.9296).  

Concerns for the perceived measures of corruption such as CPI and CCI are not 

just measurement errors but potential biases, especially in favor of rich countries. The 

country experts and those people surveyed may well have better perceptions regarding 

the levels of corruption for richer countries. In order to solve the potential biases in 

the perceived measures of corruption, newly developed measures of experienced 

corruption can be used (You 2015: 40-42). TI’s annual Global Corruption Barometer 

(GCB) surveys have asked the respondents about their experience of bribery since 
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2004.6 One concern about experience surveys is the possibility of underreporting. 

Focus-group research, however, has shown that an underreporting problem is 

surprisingly limited (Seligson 2006). In fact, experience survey data also suffers from 

large measurement errors. The GCB surveys of bribery experience show substantial 

yearly fluctuations within countries, which are likely largely due to measurement 

errors rather than actual yearly changes in bribery. This paper uses the logarithm of 

the percentage of the respondents who have admitted bribing public officials during 

the last year, averaged for the available date from 2004 and 2010 (ln Bribe 2004-10). 

While CPI and CCI minimizes measurement errors using multiple source data, 

averaging of the values from several GCB survey data can help reduce measurement 

error. 

Table 1 shows that the correlations of ln Bribe 2004-10 with CPI 1980-85, CPI 

1988-92, CCI 1996, and CCI 2012 are -0.8455, -0.8386, -0.8549, and -0.8490, 

respectively. Note that these values are very high and extremely close to one another. 

This is another piece of evidence that corruption is highly sticky. This also confirms 

that perceived measures of corruption fairly well represent the real experiences of 

corruption, while CPI and CCI are more likely to represent high-levels of political 

corruption that are reported in the media and bribery experience is more likely to 

represent petty bureaucratic corruption.  

 

Table 1. Pairwise correlations between various measures of corruption 

  cpi_8085 cpi_8892 cci 1996 cci 2012 lnBr~0410 

      cpi 8085 1 
    cpi 8892 0.9296 1 

   cci 1996 0.8429 0.9239 1 
  cci 2012 0.8515 0.9105 0.8879 1 

 lnBribe0410 -0.8455 -0.8386 -0.8549 -0.8490 1 
 

As measures of institutional quality, we use Evans and Rauch’s (1999) data on 

meritocratic recruitment in bureaucracy (ER Meritocratic)  for thirty-five developing 

countries for the period of 1970-1990.  We also use Quality of Government Institute’s 

                                                        
6 The new approach has been inspired by crime-victimization surveys. Criminologists have 
long recognized the unreliability of official crime rates and developed crime-victimization 
surveys, which are widely believed to provide a more accurate tally of crime rates (Seligson 
2006). 
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data on quality of bureaucracy for around 2010. Teorell et al. (2011) at the Quality of 

Government Institute created a new dataset on bureaucratic structure for 105 countries 

around the world, entitled the QoG Expert Survey Dataset. We use their index of 

professionalization of bureaucracy (QS Professional) and impartiality of bureaucracy 

(QS Impartial), both of which range between one and seven, and a higher value 

indicates a more professionalized (less politicized) or more impartial (less prone to 

favoritism) public administration. 

Since no single measure of corruption or institutional quality is perfect, using a 

variety of available data, including measures of perceived and experienced corruption 

and of institutional quality, can be a good strategy to enhance robustness of the 

analysis. The data for other variables such as GDP per capita and average years of 

schooling are straightforward. The data for real GDP per capita are taken from 

Feenstra, Inklaar and Timmer’s (2013) Penn World Table (version 8.0). The data for 

average years of schooling for the aged 25 or more are from Barro and Lee (2013).7 

Although this study employs data for inequality for earlier period than data for 

corruption and economic growth, it does not perfectly solve the problems of 

endogeneity. Since inequality as well as corruption is sticky, and inequality for earlier 

period might have been influenced by earlier levels of corruption that have not 

changed much later, then regressing corruption on earlier data on inequality may not 

necessarily completely solve the problem of reverse causality. Also, the large 

measurement errors in the independent variable (inequality) can produce attenuation 

bias and hence make it appear not significant or important, while in fact it is 

significant and important.  

We have considered two instruments for inequality: “mature cohort size“ and 

“wheat to sugar ratio.” You and Khagram (2005) used “mature cohort size“ (ratio of 

population aged 40-59 to the whole adult population) as an instrumental variable for 

inequality, based on Higgins and Williamson’s (1999) finding that mature cohort size 

is a powerful predictor of inequality. Easterly (2007) used “wheat to sugar ratio”, or 

the log of [(1 + share of arable land suitable for wheat)/(1 + share of arable land 

suitable for sugar)] as an instrument for inequality, based on Engerman and Sokoloff 

‘s (1997) finding that factor endowments such as the exogenous suitability of land for 

                                                        
7 Both GDP per capita and schooling data are provided by the QoG Dataset (version Jan. 
2015). 
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wheat vs. sugarcane were a central determinant of inequality across the Americas. 

The test of strength for instrumental variables shows that wheat to sugar ratio does 

not have sufficient strength to be a good instrument, while mature cohort size meets 

the standard requirement of F-statistic greater than 10 in the first stage reduced form 

regression. Hence, we use mature cohort size as an instrument for inequality. 

Unfortunately, we could not find a good instrument for corruption in growth 

regressions. While Mauro (1995) and some researchers have used ethnoliguistic 

fractionalizaion (Mocan 2004; Neeman, Paserman and Simhon 2004; Dreher and 

Schneider 2006) or legal origin (Fredriksson and Svensson 2003; Neeman et al. 2004; 

Pellegrini and Gerlagh 2004; Dreher and Schneider 2006) as an instrument for 

corruption, neither is a good instrument for corruption because it is only weakly 

correlated with corruption as Shaw et al. (2011) have argued. Also, predicted trade 

share that Shaw et al. (2011) have used as an instrument for corruption is likely to be 

correlated with economic development other than through corruption, because trade 

openness with which predicted trade share is highly correlated must be correlated 

with economic development. 

In the absence of a good instrumental variable for corruption, we rely on a 

longitudinal data analysis. We examine whether and how much corruption in the 

1980s (or bureaucratic quality in the period of 1970-1990) has influenced subsequent 

long-term economic growth between 1980 and 2010. 

 

3. Results of Cross-national Longitudinal Analyses 

First, we test whether inequalities in income and land distribution in the 1960s 

affected the levels of corruption (or bureaucratic quality) in the 1980s and in later 

years. Then, we will test whether corruption (or bureaucratic quality) in the 1980s has 

influenced economic growth between 1980 and 2010 across countries.  

Table 2 shows the results of OLS regressions and instrumental variables 

regressions of corruption. For the dependent variable, we use various cross-national 

measures of corruption (CPI 1980-85, CPI 1988-92, CCI 1996, and ln Bribe 2004-10) 

in the 1980s and for later periods. As for the key independent variable, we use 

measures of inequality in income (Income Gini 1960-65) and land distribution (Land 

Gini circa 1960 and Family Farms 1960s) for the early 1960s. We control for the 

level of economic development (GDP per capita 1960), because the level of 
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economic development is known to be the best predictor of corruption although there 

may be reciprocal causation. We also control for democracy-autocracy score from 

Marshall and T. R. Jaggers’ (2013) Polity IV data and ethnolinguistic fractionalization 

(average value for ethnic fractionalization and linguistic fractionalization) from 

Alesina et al.’s (2003) data.  

 

Table 2. The effect of inequality on corruption: OLS and IV regressions 

Dependent variable: 
CPI 80-

85 
CPI 80-

85 
CPI 88-

92 
CPI 88-

92 CCI 1996 CCI 1996 Bribe 04-10  Bribe 04-10 
  OLS(1) IV(1) OLS(2) IV(2) OLS(3) IV(3) OLS(4) IV(4) 

Income Gini 1960s -10.926 -10.585 -12.094 -11.852 -5.130 -5.696 5.133 4.963 
(t-stat) -3.9 -2.26 -5.64 -2.64 -6.12 -3.5 5.86 3.11 
ln GDPpc 1960 1.084 1.066 1.207 1.201 0.382 0.356 -0.288 -0.278 
(t-stat) 3.02 2.73 3.79 3.31 4.15 3.2 -2.97 -2.66 
Fractionalization -1.073 -1.185 -1.040 -1.100 -0.467 -0.437 0.909 0.940 
(t-stat) -0.9 -1.01 -1.03 -1.06 -1.27 -1.15 1.97 2.04 
Polity 1960s 0.0813 0.0946 0.0686 0.0751 0.0333 0.0336 -0.0222 -0.0303 
(t-stat) 2.1 2.41 2.27 2.4 3.19 3.03 -1.6 -2.25 
N 39 38 39 38 49 48 41 40 
R-squared 0.760 0.772 0.832 0.835 0.765 0.763 0.745 0.765 

         
Dependent variable: 

CPI 80-
85 

CPI 80-
85 

CPI 88-
92 

CPI 88-
92 CCI 1996 CCI 1996 Bribe 04-10  Bribe 04-10 

  OLS(5) IV(5) OLS(6) IV(6) OLS(7) IV(7) OLS(8) IV(8) 

Land Gini circa 1960 -2.625 -8.103 -3.864 -8.981 -1.688 -4.685 1.838 4.103 
(t-stat) -1.62 -1.51 -2.73 -1.94 -2.97 -2.48 3.03 2.26 
N 40 39 40 39 60 59 50 49 
R-squared 0.712 0.613 0.793 0.708 0.725 0.582 0.717 0.619 

         
Dependent variable: 

CPI 80-
85 

CPI 80-
85 

CPI 88-
92 

CPI 88-
92 CCI 1996 CCI 1996 Bribe 04-10  Bribe 04-10 

  OLS(9) IV(9) OLS(10) IV(10) OLS(11) IV(11) OLS(12) IV(12) 

Family Farms 1960s 1.351 6.668 2.276 6.983 1.513 3.890 -1.143 -3.140 
(t-stat) 1.02 1.71 1.76 2.12 3.4 2.59 -2.63 -2.29 
N 39 39 39 39 59 59 48 48 
R-squared 0.634 0.430 0.713 0.562 0.735 0.541 0.723 0.571 

   Note: For the middle and lower panels, the same controls as the upper panel are included in 
the regressions. The coefficients and t-statistics are omitted for control variables in the middle 
and lower panels. The coefficient and t-statistic for constant are not reported for all 
regressions. In the IV regressions, mature cohort size is used as an instrument for inequality 
variables. 

 

The OLS and IV results in the upper panel of the table show that income 

inequality in the 1960s is strongly and significantly associated with corruption in the 
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early 1980s and subsequent years. Income Gini 1960s is highly significantly and 

strongly associated with CPI 1980-85, CPI 1988-92, CCI 1996, and Bribe 2004-10. 

Note that higher values for CPI, CCI and ICRG represent lower levels of corruption, 

but higher values for Bribe denote higher frequency of corruption. The signs for CPI, 

CCI and ICRG are negative and the sign for Bribe is positive, indicating higher 

inequality in the early 1960s explains higher corruption 20 to 40 years later. The OLS 

results indicate that one standard deviation (or 0.115 point) increase in Income Gini 

1960s is associated on average with 0.39 standard deviation (or, about 1.1 point) 

decrease in CPI 1980-85, 0.43 standard deviation decrease in CPI 1988-92, 0.47 

standard deviation decrease in CCI 1996, and 0.52 standard deviation increase in 

Bribe (or, 9 percent higher frequency of bribery), controlling for the effect of 

ethnoliguistic fractionalization, per capita income and democracy in the 1960s. The 

results of instrumental variable regressions are similar to those of OLS regressions. 

The middle and lower panels indicate both Land Gini circa 1960 and Family 

Farms 1960s have strong explanatory power for various measures of corruption two 

decades to four decades later, controlling for the effect of ethnoliguistic 

fractionalization, per capita income and democracy in the 1960s. Higher land 

inequality is associated with higher perceived and experienced corruption decades 

later, and higher share of family farms with lower perceived and experienced 

corruption decades later. Most models produce significant coefficients for Land Gini 

circa 1960 and Family Farms 1960s. While Land Gini circa 1960 is not statistically 

significant for CPI 1980-85 at 10 percent level, the p-values for OLS and IV results 

are 0.115 and 0.14. While Family Farms 1960s is insignificant for CPI 1980-85 

according to the OLS regression, it gains significance in the IV regression.  

The results of instrumental variable regressions are consistent with those of OLS 

regressions. In fact, the coefficients for both Land Gini circa 1960 and Family Farms 

1960s are much larger in magnitude for IV regressions than those for OLS regressions, 

especially for Land Gini. For example, the coefficient for Family Farms 1960s for 

OLS regression of CPI 80-85 is 1.351 and statistically insignificant, but that for IV 

regression is 6.668 and statistically significant at 10 percent level.  

The increase of coefficients for inequality variables in IV regressions suggest that 

large measurement errors for these variables have produced attenuation bias in OLS 
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regressions.8 Also, it implies that measurement error was larger for Land Gini and 

Family Farms, and relatively small for Income Gini. This may indicate that SWIID 

data is fairly of high quality and that averaging of multiple observations between 1960 

and 1969 has reduced measurement error.9  

Table 3 presents the results of OLS and IV regressions of bureaucratic quality. For 

dependent variables, ER Meritocratic 1970-90, QS Impartial, and QS Proffessional 

have been used. Income Gini 1960-65, Land Gini circa 1960 and Family Farms 1960s 

are used as key explanatory variables for the upper, middle and lower panels. GDP 

per capita 1960, Polity score 1960s, and ethnolinguistic fractionalization are included 

as controls. The table reports the coefficients and t-statistics for the inequality 

variables, but not for control variables. Both the OLS and IV results indicate that 

various measures of inequality in the 1960s have had significant and strong effects on 

various measures of bureaucratic quality in the 1970-90 period (ER Meritocratic) and 

around 2010 (QS Impartial and QS Professional). 

 

Table 3: The effect of inequality on quality of bureaucracy: OLS and IV 

regressions 

Dependent var.:     ER Meritocratic 

               
QS 

Impartial   

               
QS 

Professional   
Independent var.:   OLS IV OLS IV OLS IV 
Income Gini 1960s   -1.030 -1.441 -3.800 -3.403 -6.914 -7.268 
(t-stat)   -2.07 -2.62 -4.78 -2.20 -7.25 -3.60 
Land Gini circa 1960   -0.846 -3.483 -1.402 -3.089 -3.454 -6.435 
(t-stat)   -3.06 -1.10 -2.88 -2.16 -5.80 -3.26 
Family Farms 1960s   0.728 1.673 1.151 2.680 2.280 5.350 
(t-stat)   3.52 1.50 2.97 2.37 4.59 2.89 

   Note: For all regressions, GDP per capita 1960, Polity score 1960s, and ethnolinguistic 

fractionalization are included as controls. The coefficients and t-statistics are omitted for 

control variables. In the IV regressions, mature cohort size is used as an instrument for 

inequality variables. 

 
                                                        
8 Measurement errors in the independent variables produce attenuation bias (Wooldridge 
2000: 294-6). 
9 Of the 38 countries included in the IV regression of CPI 80-85 on Income Gini 1960s, the 
average number of observations for net income gini between 1960 and 1969 was about six. 
Assuming that measurement error has a normal distribution with a mean of zero and a 
variance of  , averaging of six observations will reduce the variance to /6. 
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Having found strong cross-national evidence from both OLS and IV regressions 

that inequality in the early 1960s had significant and strong effects on perceived and 

experienced corruption and quality of bureaucracy decades later, we test whether 

corruption in the 1980s and bureaucratic quality in the 1970-1990 period had 

significant effect on economic growth from 1980 to 2010. Table 4 presents the results 

of OLS regressions of average annual growth of real GDP per capita between 1980 

and 2010. In every model, the natural logarithm of the GDP per capita in 1980 is 

included. The initial per capita income has a negative sign and statistically significant 

for every model. This indicates a converging trend that poorer countries tend to grow 

faster. Income inequality (Income Gini 1980s) and ethnolinguistic fractionalization 

are negatively associated with economic growth. Educational attainment (average 

schooling years for people aged 25 or older in 1980) has positive signs for growth, but 

statistically not significant for most models. 

All the corruption or bureaucratic quality variables (CPI 80-85, CPI 88-92 and ER 

Meritocratic 1970-90) are significantly and strongly associated with economic growth 

with predicted signs, i.e. higher corruption being associated with lower growth and 

more meritocratic bureaucracy with higher growth. One standard deviation (2.7) 

increase in CPI 80-85 is associated with 0.9 percentage point, or 0.57 standard 

deviation increase in annual growth between 1980 and 2010 on average, controlling 

for initial per capita income, educational level, regime type, and ethnolinguistic 

fractionalization. 

 

Table 4. OLS regressions of growth on corruption and bureaucratic quality 
(Dependent variable=Average annual GDP per capita growth between 1980 and 2010) 

Corruption: 
   CPI 1980-

85     CPI 1988-92 
          
Corruption 0.34432 0.35810 0.30402 0.34987 
(t-stat) 2.87 2.78 1.85 2.2 
ln GDPpc 1980 -1.66871 -1.67179 -1.60717 -1.65108 
(t-stat) -3.77 -3.65 -3.33 -3.4 
Schooling 1980s 0.07178 0.14928 0.06233 0.10656 
(t-stat) 0.61 1.31 0.45 0.79 
Fractionalization -2.34307 -2.92683 -2.31581 -2.79622 
(t-stat) -2.36 -2.73 -2.25 -2.69 
Polity 1980s -0.02432 -0.02823 -0.00946 -0.01216 
(t-stat) -0.5 -0.57 -0.19 -0.25 
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Income Gini 1980s -4.72281 
 

-3.63819 
 (t-stat) -2.66 

 
-1.74 

 N 49 49 49 49 
R-squared 0.4968 0.4535 0.4463 0.4222 
          

Institution quality:       ER Meritocratic 
        
Institution quality   3.84687 4.50250 
(t-stat)   2.64 3.7 
ln GDPpc 1960   -0.99021 -0.83551 
(t-stat)   -2.42 -2.18 
Schooling 1980s   0.19486 0.18232 
(t-stat)   1.49 1.47 
Fractionalization   -3.11232 -3.65347 
(t-stat)   -2.26 -2.7 
Polity 1960s   -0.01387 -0.00733 
(t-stat)   -0.32 -0.18 
Income Gini 1980s   -0.378682 

 (t-stat)   -0.13 
 N   30 32 

R-squared   0.5175 0.5719 
 

 

As the final step of the present analysis, we test the two-step causal process 

from inequality to corruption (or bureaucratic quality) to growth using structural 

equation modelling (SEM). In other words, we test the mediation effect of corruption 

in explaining the impact of inequality on growth. Due to the relatively small sizes of 

observations for corruption and bureaucratic quality variables, the data did not have 

sufficient power to conduct SEM path analysis. In order to increase power of the 

models, multiple imputation was conducted using Mplus 7 to utilize 20 imputed data 

sets. Figure 1 presents all the study variables and the mediation path coefficients for a 

model with the measures of Gini 1960s and CPI 1980-85.10 Inequality measured by 

                                                        
10 The model did not fit the data satisfactorily with most indices (𝜒𝜒2 (16, N =144) = 
129.645,  p < .001;  CFI:.750, TLI: .484, RMSEA: .217). However one index (SRMR 
= .043) suggested it fit the data, so the results were interpretable. Model fit index 
criteria are (1) the root mean squared error of approximation (RMSEA) is less than 
0.07; (2) Comparative Fit Index (CFI) and the Tucker-Lewis Index (TLI) larger than 
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Gini 1960s did not directly explain average annual growth of GDP per capita 1980-

2010. Yet, inequality impacted on corruption in the early 1980’s (CPI 1980-85) 

significantly (β  = -1.93, p = .03) which in turn explained growth significantly (β  = 

0.72, p < .01). Accordingly the longitudinal indirect effect of inequality on growth 

through corruption was also significant (β  = -1.38, p = .04). These mediation SEM 

results were shown when the control variables were taken into account: GDP per 

capita 1960, Schooling 1960s, Polity 1960s, and ethnolinguistic fractionalization were 

controlled for income inequality for the 1960s (Gini 1960s) with the instrumental 

variable of Mature cohort size; For Growth 1980-2010, GDP per capita 1980, 

Schooling 1980s,  Polity 1980s and  Ethnolinguistic fractionalization were all 

controlled. The model revealed a large effect size explaining 49% of variance in 

Growth 1980-2010.  

 

 

Figure 1. Mediation Structural Equation Modelling of corruption explaining the 

impact of inequality on growth.  N = 141. For simplicity the figure shows only 

                                                                                                                                                               
0.95 ; (3) the standardized root mean squared residual (SRMR) less than 0.08 (Hu & 
Bentler, 1999; Steiger, 2007). 
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significant coefficients, omitting insignificant estimates and error terms. The full lines 

represent significant paths (p < .05 or less) whereas the dashed lines represent non-

significant paths. * p < .05. ** p < .01.   

 

Table 5 summarizes results from all the tested mediation models with various 

inequality and corruption measures. The corruption measures of CPI 1980-85 and CPI 

1988-92 mediated the impacts of Income Gini 1960s and Family Farms 1960s on 

Growth 1980-2010. One standard deviation increase in income inequality in the 1960s 

indirectly impacted growth between 1980 and 2010 by 1.38 standard deviations 

through CPI 1980-85 (and by 1.32 standard deviations via CPI 1988-92). One 

standard deviation increase in Family Farms in the 1960s was associated with 1.05 

standard deviation increase in growth between 1980 and 2010 mediated by CPI 1980-

85 (and 1.03 standard deviations increase in growth via CPI 1988-92). ER 

Meritocratic 1970-90 also mediated the inequality effects. One standard deviation 

increase in income inequality (Gini 1960s) explained a decrease of 0.37 standard
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Table 5. Unstandardized (b) and Standardized (β) Mediation Estimates (Indirect Effect Regression Coefficients) of Corruption in 1980’s  

Explaining How Inequality in 1960’s Impacted on Growth from 1980 -2010.   

      
Corruption 
Measures          Gini 1960s        VanFam1960s   

 
b β 

Sobel Test b β 
Sobel Test 

        (p) (p) 

Cpi_8085 -24.17* -1.38* .07           8.89*          1.05*                    .01 

          R2 .49   .53   
Cpi_8892 -22.67**    -1.32** .04 8.52* 1.03* .02 
         R2       .38   .40   

ER Merit 1970-90 -6.67* -0.37* .06 6.45**   0.74** .007 

          R2 .61   .62   
Note. N = 141 ~  151.  * p < .05.  ** p < .01. 
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deviation in growth 1980-2010 mediated by bureaucratic quality indexed by ER 

Meritocratic 1970-90. Comparatively, one standard deviation increase in Family 

Farms 1960s predicted 0.74 standard deviation increase in Growth 80-10 via the 

mediation of ER Meritocratic 1970-90.  As shown in the third column of each 

inequality measure in Table 5, Sobel test (Imai et al, 2011; Sobel, 1882) results also 

supported the significant indirect effects through corruption in the 1980’s, in 

explaining the impact of inequality in the 1960s on growth between 1980 and 2010. 

Not only other smaller p values in the Sobel test results, but also the marginally 

significant statistics for Cpi_8085 (p = .07) and ER Merit 1970-90 (p = .06) suggest 

the results be acceptable when the small sample sizes are considered.  

These results show significant and strong mediation effect of corruption (CPI 

1980-85, CPI 1988-92) and institutional quality (ER Meritocratic 1970-90)  in the 

impact of inequality (both income inequality measured by Gini 1960s and land 

equality measured by Family Farms 1960s) on growth (Growth 1980-2010).Inequality 

in the 1960s influenced corruption and institutional quality in the 1980s, which in turn 

influenced economic growth between 1980 and 2010. When the indirect mediation 

effect of corruption and institutional quality in the impact of inequality on growth was 

considered, the direct effect of inequality on growth was insignificant. Therefore, we 

can state that inequality impact negatively on growth mostly via the former’s impact 

on corruption or institutional quality. 

The final analysis of mediation utilized multiple imputation technique for 

missing cases in the study variables. Even though imputation is known as generally 

providing less biased estimates in SEM (Tabachnik & Fidell, 2013), more complete 

longitudinal data should cross-validate the current findings. The theorized model was 
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shown to fit the imputed data only with one index of SRMR. Therefore, future studies 

are called for to replicate the current findings with more rigorous model fit results.  

 

4. The role of land reform and land inequality in development 

The story of East Asian miracle is consistent with the broader cross-national 

findings presented above. As many previous studies have noted, East Asian tigers 

such as South Korea, Taiwan, Hong Kong and Singapore, had not only shown rapid 

economic development during the second half of the twentieth century, they achieved 

“growth with equity” (World Bank 1993; Rodrik 1995). It is well known that Asia-

Pacific countries, in particular East Asian countries, traditionally had much lower 

levels of inequality in income and land distribution than countries in other regions 

such as Latin America and Africa (Alesina and Rodrik 1994; Deininger and Squire 

1998). East Asian countries such as Japan, South Korea and Taiwan that experienced 

a land reform in the aftermath of World War II and hence reduced the inequality in 

land ownership have had higher growth than Latin American countries with no 

significant land reform (Ranis 1990; Alesina and Rodrik 1994).  

In this section, we will show that the relationships between inequality, corruption 

and growth we observed above apply to the historical experiences of Asia.  We will 

first show the overall cross-country pattern within Asia and then illustrate with a 

comparative historical analysis of three countries: South Korea, Taiwan, and the 

Philippines.  

Figures 2 and 3 show that income inequality in the early 1960s is highly predictive 

of corruption (Bribe 2004-10) as well as economic growth (Growth 1960-2010). 

Figure 4 shows that corruption (CPI 80-85) is highly correlated with economic 

growth (Growth 1980-2010). Thus the relationships between inequality, corruption 

and growth do not only represent the interregional pattern but also intraregional 

pattern in Asia.  

 

Figure 2. Income Gini 1960-65 and Growth 1960-2010 
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 Figure 3. Income Gini 1960-65 and Bribe 2004-10 

 
 

Figure 4. CPI 1980-85 and Growth 1980-2010 
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Before examining the historical experiences of South Korea, Taiwan and the 

Philippines, it is worth to locate these countries in the figures above. In Figure 2 

above, South Korea and Taiwan, along with Japan, are located close to the upper left 

corner of the box, while the Philippines is located toward the lower right corner of the 

box. Thus South Korea and Taiwan represent the cases of low inequality in the early 

1960s with high economic growth for the subsequent a half century, while the 

Philippines represent a typical case of high inequality with low economic 

performance. As Figure 5 shows, the Philippines was slightly richer than South Korea 

and Taiwan until the late 1960s, but a great divergence has occurred since then. 

 

Figure 5. Real GDP per Capita, 1953-2007 (in 2005 constant dollars) 

 
 

 

Figures 3 and 4 both show that the Philippines has been one of the most corrupt 

countries in Asia, measured by CPI 1980-85 and Bribe 2004-10. South Korea and 

Taiwan are among the least corrupt in terms of percentage of people bribing public 

officials (Figure 3), although South Korea’s CPI 1980-85 score was not very good, 

approximately halfway between Taiwan and the Philippines (Figure 4). It is notable 

that, 1980-85 was a period when South Korea was ruled by the military dictator Chun 

Doo-hwan, who is commonly considered to be the most corrupt president in Korean 

history. Although the Philippines was also under the infamously corrupt dictator, 

Ferdinand Marcos, in the early 1980s, what differentiates South Korea and the 

Philippines is that the latter failed to reduce corruption even after democratization 

while the former has made some improvement in control of corruption. Figure 6 
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shows that the Philippines’ score for CCI has worsened since the first publication of 

the CCI in 1996, while South Korea and Taiwan have made modest progress. 

 

Figure 6. Control of Corruption Indicator, from 1996 through 2011 

 
 

Since cross-national measures of corruption are not available for the period before 

1980, it is hard to tell if high corruption in the Philippines was responsible for low 

economic growth or underdevelopment caused high corruption, compared to the other 

two countries. However, there is plenty of qualitative evidence that the Philippines 

has been more corrupt than South Korea and Taiwan at least since the 1960s, 

according to You (2015). Thus, it is more likely that different levels of corruption 

have impacted growth among these countries than the other way around. In order to 

identify causal directions and mechanisms, however, more rigorous comparative 

historical process tracing is needed. 

While there were substantial differences in the levels of inequality (as the Figures 

above indicates) and also in the levels of corruption (according to You’s study) as 

early as in the early 1960s between South Korea and Taiwan on one hand and the 

Philippines on the other hand, the three countries were all similarly poor, highly 

unequal, and highly corrupt at the time of independence after World War II (You 

2015: 15-17). If anything, the Philippines was somewhat ahead of South Korea and 

Taiwan in terms of per capita income and educational attainment. However, the 

critical difference was made by the successful land reform in South Korea (1948-1952) 

and Taiwan (1949-53) and the failed reform in the Philippines in the early years of 

post-independence.  
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As Table 6 shows, the land distribution was actually more concentrated on the few 

landlords in South Korea, and Taiwan and the Philippines had similar levels of land 

inequality. However, after the sweeping land reforms, South Korea reduced land 

inequality dramatically and tenancy dropped from 49 to 7 percent of all farming 

households. Land inequality in Taiwan also fell substantially and tenancy dropped 

from 38 to 15 percent, while such reform did not happen in the Philippines. Not 

surprising, income inequality also fell steeply in South Korea and Taiwan, but it 

remained high in the Philippines as Table 7 indicates. While income inequality data 

for period immediate before the land reform in Korea is not available, there are 

multiple pieces of evidence that income inequality was very high before the land 

reform. A recent study of the long-term trend of top income group’s share of the total 

income indicates a dramatic reduction in income inequality after the land reform. Nak 

Nyeon Kim and Jongil Kim (2014) show that the top 1% income share was around 20 

percent in the 1930s in colonial Korea, but it fell steeply after the land reform and 

remained around 7 percent until the mid-1990s in South Korea. 

 

Table 6. The Trends of Land Gini 

 
 

 

Table 7. The Trends of Income Gini 
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In the Philippines, failed land reform maintained high inequality and domination 

of the landed elite in both politics and economy, which led to persistent political 

clientelism, increasing patronage in bureaucracy, and policy capture by the powerful 

elite. In contrast, successful land reform in South Korea and Taiwan dissolved the 

landed class and produced egalitarian socio-economic structure, which helped to 

contain clientelism and develop programmatic politics over time, gradually improve 

meritocratic recruitment of public officials, and promote state autonomy. Thus, 

different levels of inequality in land and income have produced important differences 

in political economy: increasing state capture by the landed-industrial conglomerates 

and prevalent and persistent clientelism in the Philippines vs. relative state autonomy 

in the absence of dominant class and gradual development of programmatic politics in 

South Korea and Taiwan. Hence, the Philippines continues to suffer from endemic 

political, bureaucratic and corporate corruption long after democratic transition of 

1986, while South Korea and Taiwan have been able to contain corruption at not too 

high levels with better functioning of democratic accountability mechanisms such as 

elections and horizontal checks and balances within the government and from the 

civil society. 

The differences in the scope and degree of elite capture and clientelism have 

brought about important differences in the formulation and implementation of 

industrial policy. The corrupt Philippines state captured by the landed-industrial elite 

failed to formulate and implement coherent industrial policies, while less corrupt 

developmental states of South Korea and Taiwan promoted coherent industrial policy. 

Not surprising, the Philippine economy stagnated while South Korea and Taiwan 

were making economic miracles. 

The divergent developmental trajectories of these countries that initially shared 

similar conditions provide compelling evidence for the vicious and virtuous cycles 

hypothesis. The Philippines represents a case trapped in a vicious cycle of high 

inequality, high corruption and underdevelopment, while South Korea and Taiwan 

represent a virtuous cycle of low inequality, low corruption, and high economic 

development. It is notable, however, South Korea and Taiwan started at no better 

conditions than the Philippines did. These countries demonstrated that the vicious 

cycle should not be a destiny. They were able to break the vicious cycle by 

implementing sweeping land reforms.  
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However, one could raise a question about whether You’s(2014, 2015) finding on 

the positive role of land reform can be generalized beyond South Korea and Taiwan. 

For example, North Korea failed to develop in spite of radical land reform, unlike its 

Southern counterpart. China and Vietnam also showed poor economic performance 

after land reform, and they began to grow only after marketization reform. While a 

rigorous study of different effects of land reform by type and degree of reform is 

beyond the scope of this paper, there is a critical difference between South Korea and 

Taiwan’s reforms and China and Vietnam’s reforms. Land reforms in South Korea 

and Taiwan transformed tenants to owner-cultivators, while the socialist reforms did 

not by collectivizing farms.  

 

Conclusion 

This paper has tested the vicious and virtuous cycles hypothesis of “high (low) 

economic inequality→ high (low) corruption → low (high) economic growth” using 

cross-country longitudinal data. Using cross-national longitudinal data on a variety of 

measures for inequality and corruption, we have found strong evidence to support this 

hypothesis. Both land inequality and income inequality around 1960 had significant 

effect on corruption and institutional quality decades later, which in turn had 

significant effect on subsequent economic growth. 

OLS regressions show that one standard deviation (or 0.115 point) increase in 

Income Gini 1960s is associated on average with 0.39 standard deviation (or, about 

1.1 point) decrease in CPI 1980-85, and 0.52 standard deviation increase in Bribe (or, 

9 percent higher frequency of bribery), controlling for the effects of ethnolinguistic 

fractionalization, per capita income and democracy in the 1960s. Also, both Land 

Gini circa 1960 and Family Farms 1960s have strong predictive power for various 

measures of corruption decades later, with the same controls. Instrumental variable 

regressions increase the magnitude and significance of the estimated effects of 

inequality variables on corruption, particularly for Land Gini circa 1960 and Family 

Farms 1960s. 

In addition, we have found strong effects of corruption on economic growth. One 

standard deviation (2.8) increase in CPI 80-85 is associated with 0.85 percentage 

point, or 0.55 standard deviation, increase in annual growth between 1980 and 2010 

on average, controlling for initial per capita income. Corruption variables retain 

significance even controlling for income inequality and educational level. 
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We further test the mediation effect of corruption (or bureaucratic quality) in 

explaining the impact of inequality on growth using structural equation modeling. 

Using a variety of measures for inequality and corruption (or bureaucratic quality), we 

find strong cross-national longitudinal evidence to support the vicious-and-virtuous-

cycles hypothesis, or causal paths from inequality to corruption to growth. 

The broad cross-national pattern observed in this analysis is confirmed by the 

cross-national variations within Asia. Also, the historical experiences of South and 

North Americas are consistent with the vicious and virtuous cycles hypothesis. 

According to Engerman and Sokoloff (1997), initially richer, but highly unequal 

societies based on large plantations in South America developed bad institutions that 

led to underdevelopment, while North America’s equal social structure based on 

family farms developed good institutions that led to development. 

The historical experiences of South Korea, Taiwan and the Philippines show that 

all three countries were poor, highly unequal and corrupt at the time of independence. 

However, sweeping land reform in South Korea and Taiwan enabled them to break 

the vicious cycle and moved into a virtuous cycle of low income inequality, low 

corruption, and high economic growth, while the Philippines, with failed land reform, 

was trapped in a vicious cycle of high inequality, corruption and low economic 

growth (You 2014, 2015).  

In particular, the stories of South Korea and Taiwan indicate that the vicious cycle 

is not destiny. Countries that are seemingly trapped in a vicious cycle may well be 

able to cut it and move toward a virtuous cycle, by implementing a major reform to 

reduce inequality. Also, countries that have enjoyed a virtuous cycle may find 

themselves in danger of falling back into a vicious cycle. If inequality rises over time, 

the virtuous cycle may be broken. In this regard, increasing inequality in most 

developed countries during the last several decades should be a great concern.Indeed, 

South Korea may suffer from this problem. The country is facing a dangerous trend of 

rapidly rising inequality, according to a study of top income shares by Kim and Kim 

(2014). The top 1 percent share of income has risen from about 7 percent until the 

1990s to over 12 percent in 2012, and it is rising continuously in the country. 

Deteriorating corporate governance and recurring high-level political and corporate 

scandals in South Korea during the last decade may indicate that the country faces a 

risk of falling back to a vicious cycle of high inequality and high corruption should it 

not take actions to reduce inequality and economic concentration by chaebol.      
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